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ABSTRACT 
Generative Artificial Intelligence (GenAI) tools are increasingly integrated into research and 
academic writing, offering opportunities to streamline workflows and increase productivity. 
However, these tools also introduce risks when used uncritically, unethically, or without 
transparency. In particular, the undisclosed use of GenAI, now widely documented, may 
compromise research integrity. The aim of this AMEE Guide is to provide researchers with 
practical guidance on when and how to disclose the use of GenAI in scholarly writing. 
Specifically, we propose a clear framework to promote ethical GenAI use and reporting prac
tices in health professions education research. We start with an exploration of key aspects of 
responsible use of GenAI in publishing (e.g. authorship, verification and responsibility, pla
giarism and bias, data privacy and confidentiality, journal requirements). We then address 
the importance of transparency about GenAI use in research production, both within 
research teams (internal disclosure) and to journals and readers (external disclosure). With 
respect to the latter, we highlight the need to be aware of journal-specific guidance and 
offer guiding principles for effective disclosure. Central to these principles is the call for 
scholars to provide a candid description of how GenAI was used, allowing readers to under
stand how the model shaped the research and writing processes. We also briefly consider 
the use and disclosure of GenAI in peer review. Given that, at the time of writing this Guide 
(November 2025), many questions remain regarding AI use and disclosure for publishing, we 
conclude with reflections on future developments and directions for research.
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1. Introduction

Everywhere you go, every conference you attend, 
every journal you read includes content on how to 
use artificial intelligence (AI) to optimize education 
and training with the aim of preparing learners to 
work in increasingly digitalised workplaces. In paral
lel, discussions are underway across all academia as 
to how the emergence of Generative Artificial 
Intelligence (GenAI) is reshaping research, academic 
writing, and publishing practices (e.g. [1–3], and See 
Box 1).

Although the use of AI in medical education had 
been discussed for some years [7], the public release 
of ChatGPT 3.5, using a large language model (LLM), 
in 2022 changed everything, primarily because the 
power of AI became far more accessible to non- 
technical people. Just five months later, UNESCO 
(2023) published a Quick Start Guide titled ‘ChatGPT 

and Artificial Intelligence in Higher Education’ [8]. 
This guide described possible uses of ChatGPT to 
design research, collect data, analyse data, and write 
up research. More recently, in the context of aca
demic writing and research, a global survey of over 
5,000 authors found 90% reported that using AI was 
appropriate to edit research articles, and 65% sup
ported its use when drafting them [9]. These findings 
suggest that AI already sits alongside many authors 
as a common, if often silent, collaborator [10] in the 
writing process.

GenAI offers both transformative potential and 
significant challenges for research [11]. GenAI tools 
can streamline core elements of the research and 
writing processes, enabling increased productivity 
and academic output [12]. However, while GenAI can 
be beneficial to research and academic writing, it 
can also be misused, especially if authors approach 
it uncritically and unethically. Researchers’ use of 
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GenAI often goes unreported in manuscripts, poten
tially compromising research integrity through ques
tionable practices such as incomplete methodology 
disclosure or inadvertent deception [13] and thus 
raising critical questions about authorship, transpar
ency, and ethical research practices [14,15].

2. Who are we?

As authors, we approach this Guide from a variety of 
intersecting positions. We are all knowledge pro
ducers in health professions education research 
(HPER); therefore, we seek guidance on how to navi
gate the benefits and limitations of GenAI, and how 
to use it transparently and responsibly in our own 
research. We are also AI users; therefore, we appreci
ate that we are contributing to our field’s co- 
construction [16] of shared standards for ethical and 
appropriate AI use. We are knowledge users; there
fore, we draw on others’ published work, and we 
require confidence that it is not the result of AI- 
fabricated data and AI-concocted thinking. Finally, as 
editors of several major HPER journals, we are know
ledge curators; therefore, we feel a responsibility to 
help our community articulate best practices for the 
use and disclosure of GenAI in research.

Four of the five authors of this Guide are native 
English speakers, and all of us have formal training 
in aspects of English language and literature, which 
inform our approaches to research and writing. 
When planning and drafting this manuscript, we dis
covered that while many of us enjoy the process of 
academic writing and the opportunity to craft our 
own unique expression. This enjoyment may, at least 
in part, stem from our comfort with writing in 
English, the predominant language of the scientific 
and educational literature [17]. At the same time, we 
differ in our research interests and foci, and thus in 
our epistemological perspectives - differences which 
extend to our positions on knowledge development 
and the principles underlying GenAI tools. We use 
GenAI differently, for example, to plan presentations, pol
ish writing and English, brainstorm counterarguments, 

or test emerging ideas. We believe AI represents not 
only a technical resource but also a means of gaining 
‘fairer footing’ for researchers for whom English is not 
their first language [18,19], and thus it has potential 
to diversify our field’s knowledge base [20].

Finally, we are aware that the guidance we offer 
in this AMEE Guide may play a crucial role in dem
onstrating the HPER community’s readiness to 
adopt GenAI as we will be opening discussion 
around the roles and responsibilities of key commu
nity members [21].

The aim of this AMEE Guide is to offer practical 
guidance for researchers on when and how to dis
close AI use in writing. Specifically, we propose a 
clear framework for promoting the ethical use and 
reporting practices of AI in HPER. We begin with a 
brief exploration of key aspects of responsible AI use 
in publishing, followed by two sections that outline 
when and how to disclose the use of AI tools. Given 
that, at the time of writing this Guide (November 
2025), many questions remain regarding the use and 
disclosure of AI for publishing, we conclude with 
reflections on future developments and directions 
for research.

3. What is responsible use of AI in 
publishing?

We are not arguing for or against scholars’ using 
AI, nor are we debating the appropriate usage of 
AI [22]. Instead, we propose that, while GenAI use 
can speed up drafting, editing, and idea gener
ation, it does not change the fundamentals of 
scholarly accountability. Human authors remain 
fully responsible for the accuracy, originality, and 
integrity of all journal submissions, whether their 
manuscript was created with or without AI assist
ance. As Eva argues, the discussion about respon
sible use of AI in publishing ‘boils down’ to the 
need for human oversight [23], which has implica
tions for authorship, verification of materials, and 
how one engages in selecting and submitting to a 
journal. These complexities inform our recommen
dations about AI use.

3.1. Authorship

Before publishers had set policies on the topic, the 
issue of AI systems as authors on academic papers 
was hotly debated [24,25]. The debate, however, is 
not about technical ability, but rather about the pro
fessional, social, and philosophical status and posi
tion of the academic author. As a result, because AI 
systems cannot accept responsibility, approve a 
manuscript, or manage conflicts of interest, at the 
time of writing this Guide, international guidance 

Box 1. Defining GenAI
Generative Artificial Intelligence (GenAI) is a sub-category of 
Artificial Intelligence (AI) that has gained considerable prominence, 
largely due to exemplars such as ChatGPT, which uses a large lan
guage model (LLM). GenAI operates by leveraging deep learning 
from training data and ‘transformer’ technology [4] to generate 
human-like content, such as images and words, in response to 
complex and diverse linguistic inputs, instructions, or inquiries 
[5,6]. In short, GenAI refers to the use of any tools (e.g. ChatGPT, 
Perplexity AI) that are able to automatically produce creative texts, 
images, or other content following a human user’s prompt or 
instruction.

MEDICAL TEACHER 543



from the Committee on Publication Ethics (COPE) 
and International Committee of Medical Journal 
Editors (ICMJE) is clear that AI shall not be listed as 
an author [26,27]. Although this has been contested 
(e.g. 20, 28, 29), many journals, including those in 
health professions education, now reflect this stand
ard in their author instructions. For example, this 
journal’s publisher, Taylor and Francis notes: 
‘Generative AI tools must not be listed as an 
author’ [30].

3.2. Verification and responsibility

Authors must independently verify and take respon
sibility for all AI-assisted content. For example, 
authors seeking to publish in MedEdPORTAL are 
instructed that: ‘Authors remain fully accountable for 
the quality, integrity, and originality of their work, 
including all content submitted’ [31]. In essence, if AI 
is used, authors should treat its output as unverified 
notes, not finished scholarship. Therefore, authors 
should check facts, quotations, and references 
against the primary sources. They should be espe
cially vigilant for fabricated or ‘hallucinated’ referen
ces, because studies repeatedly demonstrate that 
LLMs (e.g. ChatGPT, Gemini) can be unreliable when 
generating citations [22,32]. Authors should also 
rerun any statistical analyses, code, or calculations 
conducted by AI to verify accuracy [33,34]. Finally, 
authors must verify the rights and permissions for 
any AI-generated images, figures, or text, to monitor 
for and mitigate hidden copyright risks. This is not 
straightforward, at least in part because copyright 
laws differ across countries. However, authors can do 
a reverse Google search to see if an image/figure 
has been published previously. For text, they can 
use plagiarism detection tools to check for similarity 
to existing publications. Authors can also use meta
data tagging options to document when the image/ 
figure was generated, what tools were used, and any 
other relevant information to help prove the image/ 
figure was AI generated and not intended to infringe 
on anyone’s copyright.

3.2.1. Practice point
At the time of writing this AMEE Guide, AI tools can
not be listed as authors or take responsibility for the 
content of academic papers. Human authors remain 
fully responsible for the accuracy, originality, and 
integrity of all journal submissions regardless of 
whether GenAI was used.

3.3. Plagiarism and bias

Manuscripts should be screened to detect plagiarism 
(aka: ‘Aigiarism’ [35]), including self-plagiarism and 

inadvertent text reuse, since AI does not adhere to 
academic attribution norms [36]. Moreover, because 
AI models learn from historic data, authors should 
scrutinize the AI-generated text for potential bias or 
examples that might inadvertently perpetuate 
inequalities or harm marginalized groups [37]. For 
example, when a group of researchers instructed 
DALL-E3, an AI text-to-image generator, to generate 
images of Australian medical students, they found 
that it generated images that were 92% individuals 
with light skin and 58.8% male, which misrepresents 
the Australian medical student population and per
petuates gender and race bias [38].

3.3.1. Practice point
Authors must verify the accuracy of any AI-assisted 
or AI-generated content, ensuring it’s free from bias, 
plagiarism, or copyright infringements.

3.4. Data privacy and confidentiality

The texts that AI generates may include sensitive, 
personal, or confidential information about institu
tions, patients, or study participants. Similarly, 
authors must consider privacy and confidentiality of 
any data they upload into GenAI as some of these 
tools may store or use this data for future training. 
Before entering any research data (e.g. interview 
transcripts, survey responses), especially identifiable, 
clinical, or institutional information, authors should 
verify whether such use is permissible under their 
institution’s policies. When working with human sub
ject data, this includes checking with the institutional 
ethics committee to ensure that uploading data to 
an AI tool aligns with approved protocols and that it 
does not violate confidentiality agreements, data-use 
restrictions, or participants’ consent.

3.5. Journal requirements

Before discussing journal requirements, it is useful to 
consider differences in AI usage. A fairly common 
differentiation is between AI-assisted content and AI- 
generated content [39,40]. See Box 2 for further 
explanation.

Journal positions vary in respect of what kind of 
AI usage is acceptable. Some journals allow authors 
to use AI for language polishing (i.e. AI-assisted con
tent) but prohibit generating original text (i.e. AI- 
generated content); some require disclosure in the 
Methods, others in Acknowledgments; a few (though 
increasingly less) forbid AI use entirely. Therefore, 
before drafting a manuscript, authors should consult 
the target journal’s author instructions and any 
related publisher guidelines. (More about journal 
requirements in Section 5: When is disclosure 
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required?). Note that journal and publisher policies 
on AI use change frequently and without warning, 
so it is important to check for the most up-to-date 
guidance.

Of course, in practice, the line between AI-assisted 
and AI-generated content is blurred. For example, an 
author may prompt AI (e.g. ChatGPT) to generate con
tent, but then significantly edit over time, to the point 
where it is almost unrecognisable from the generated 
content. In this case, although AI generated the initial 
content, there is little ‘continuity’ of AI text in the final 
product [29] – and working with tracked changes is a 
useful way of recording and assessing the difference 
between initial and final text. Or consider the situation 
when an author uploads some of their own (author- 
generated) materials to ChatGPT, then uses a series of 
very specific and incremental prompts to ChatGPT, 
again based on their own work, to help AI write their 
ideas into a particular textual form, or to glean sugges
tions for positioning a paper. Is this AI-generated con
tent or AI-assistance? We do not have a simple answer, 
although we do offer some clarity in the Framework at 
the end of this Guide. Discussions about this and other 
ethical dilemmas and challenges associated with AI- 
usage will evolve over time.

Reiterating the point above, our advice would be 
to choose your target journal in advance of com
mencing the writing process, check the journal’s 
guidelines for AI-usage, make sure you work within 
this guidance, and disclose appropriately.

4. Why disclose AI use?

Why is it important to disclose GenAI use in research 
production? Fundamentally, this comes down to 
transparency, integrity, and accountability. This 
implies that, instead of focusing on whether AI tools 
have been used, authors should focus on how much 
assistance the AI tools provided, what Jenkins and 
Lin [29] call the ‘continuity’ of AI text in the final 
product. When disclosure captures the role GenAI 

tools – and, conversely, human input - played in pro
ducing academic content, it helps other researchers 
to critically evaluate a manuscript and its specific 
claims [42] and enables editors to determine 
whether a submission satisfies their editorial policies 
[43]. On the other hand, when we fail to disclose in 
this way, we risk plagiarism, factual errors (e.g. 
inappropriate attribution, hallucination of references), 
bias, and misalignment with publishing ethics, as dis
cussed earlier.

5. When must you disclose to journals?

External disclosure (i.e. disclosure to a journal and its 
readers) is currently the most visible and regulated 
element of AI-use reporting. In manuscripts, disclos
ure is warranted whenever an AI tool materially 
shapes the research or the manuscript. Authors 
should approach the threshold of ‘materially shapes’ 
as not merely technical but also epistemic. By this 
we mean that AI has an active role in the creation, 
validation and transformation of knowledge - on 
how new facts get found, how new research gets 
done, and how all kinds of information spread 
through society, via search engines, in social media 
environments, via the use of electronic devices, and 
so on. In other words, AI, a non-human, can function 
as the originator of our beliefs and their content 
even if the technology itself does not have human- 
like agency [44,45].

Given this, readers need to know when and how 
GenAI has influenced the researcher’s thinking, 
which in turn influences their questions, methods, 
claims, or presentations, so that they can assess val
idity and accountability. This includes: drafting or 
rewriting prose; summarizing literature; structuring 
arguments [46]; assisting with statistics [33,34], or 
image analysis; generating or transforming figures; 
or aiding interpretation (i.e. AI-generated content).

However, authors and Editors often feel unsettled 
about AI disclosure. Recent empirical and conceptual 
work provides some insight into why this might be 
the case. For example, Lingard and colleagues [16], 
based on interviews with editors, characterize a 
blurred and shifting boundary around disclosure 
necessity and sufficiency (how much detail is 
enough). This blurred boundary is shaped by rapid 
technological change, the field’s organic construction 
of disclosure standards, and the imperfect fit of tra
ditional rigor principles, such as reproducibility, with 
LLM behaviour. Their analysis supports a pragmatic 
rule for HPER authors: disclose whenever use goes 
beyond trivial grammar fixes, and when uncertain, 
disclose. The editorial policies of the journal, Nature, 
reflect this stance:

Box 2. What counts as AI use in publishing?
AI-assisted content refers to work that is initially written by an indi
vidual but has been improved with the aid of AI tools For example, 
an author might use AI to check spelling or grammar, or improve 
clarity, in their draft. In this scenario, the author remains firmly in 
control, with the AI acting as a helpful tool to polish the final 
product. This is sometimes called AI-assisted copy editing [41].
AI-generated content is text that is initially generated by AI in 
response to a prompt provided by the author. The content, which 
might be significant portions of text, or even entire sections, may 
receive minimal editing or revision by the author, or it may be sig
nificantly revised – but the initial draft was generated by AI. The 
closer the resemblance, and the more substantive the ideas that AI 
contributed, the more important it is to clearly credit its contribu
tions [29].
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The use of an LLM (or other AI-tool) for ‘AI assisted 
copy editing’ purposes not need to be declared. In 
this context, we define the term ‘AI assisted copy 
editing’ as AI-assisted improvements to human- 
generated texts for readability and style, and to 
ensure that the texts are free of errors in grammar, 
spelling, punctuation and tone. These AI-assisted 
improvements may include wording and formatting 
changes to the texts, but do not include generative 
editorial work and autonomous content 
creation [41].

5.1. Practice point

Routine assistance, like grammar correction, sentence 
refinement, or literature search assistance, may be 
considered normal scholarly practice and do not 
require disclosure. On the other hand, substantive 
GenAI use, like generating text, correcting code, gen
erating tables or figures, reducing word count, or 
checking on analyses, should be disclosed per the 
target journal’s guidelines (e.g. in the Methods, as a 
declaration, or Acknowledgements).

Finally, because policies differ across publishers 
(and even within a publisher’s site over time) authors 
should check journal-specific instructions at the time 
of manuscript submission. For example, JAMA’s 
recent editorial update requires transparent report
ing of AI use that affects manuscripts or research 
and carves out a narrow exception for basic gram
mar/spell-check, while Springer Nature prohibits 
GenAI images in publications [47]. Given that policies 
are a moving target, we recommend a ‘disclose- 
when-in-doubt’ approach in HPER.

Additionally, if the authors are uncertain of their 
target journal, they could pre-emptively draft a con
servative disclosure statement that satisfies the strict
est likely policy, then tailor it to the journal they 
submit to as needed. Lastly, in the case that a manu
script is rejected, when submitting to a second or 
third choice journal, authors should check that new 
journal’s policies and update the disclosure and 
manuscript accordingly.

5.2. Practice point

Because journal policies vary and are evolving, a 
‘disclose-when-in-doubt’ approach is recommended.

6. What about disclosing to your 
collaborators?

Notably, the existing literature on AI-use disclosure 
has largely focused on disclosure to journals at the 
time of manuscript submission. However, disclosure 
practices should begin earlier, when research teams 
plan their studies. Conversations about how, when, 
and to what extent AI tools will be (and have been) 

used during research procedures and manuscript 
development are crucial for establishing transpar
ency, trust, and shared understanding among collab
orators. Early literature suggests that such 
discussions are not yet common practice [48]. Some 
authors may hesitate to disclose their use of AI to 
co-authors due to shame, fear of judgment, or 
uncertainty about how the disclosure will be 
received [49,50]. Others may worry about the 
‘disclosure penalty’, in which revealing AI use could 
lead colleagues to question the legitimacy, creativity, 
or intellectual contribution of their work [51].

To address these challenges, research and author 
teams can take deliberate steps to normalize and 
structure disclosure practices around GenAI use. 
Establishing early and explicit conversations can help 
clarify expectations, ensure mutual understanding of 
ethical and journal requirements, and reduce the 
stigma associated with AI-assisted work. Teams 
might adopt a simple, recurring check-in at key pro
ject milestones to inquire about how AI tools are 
being utilized, the functions they serve, and whether 
their use aligns with disciplinary and journal guide
lines. Documenting these discussions can also sup
port accurate authorship contribution statements 
and foster a culture of openness and shared respon
sibility. By framing disclosure as part of a team’s 
integrity and quality assurance process, teams can 
create space for learning, reflection, and the poten
tial for flexibility as GenAI continues to evolve.

These practices parallel guidance around author
ship discussions [52]. Discussions about authorship 
should ideally begin at the outset of a project during 
the initial planning stages and continue to be revis
ited regularly as the work progresses. This proactive 
and ongoing communication helps prevent misun
derstandings and disputes in the future. This is espe
cially important when the work is part of a master’s 
or PhD program. For students, initiating a conversa
tion on authorship can be challenging; thus, the 
supervisors have the responsibility to lead and sup
port these conversations [53].

6.1. Practice point

Research teams should have early, explicit discussions 
about how, when, and to what extent GenAI will be 
used during research procedures and manuscript devel
opment to clarify expectations, meet ethical and journal 
requirements, and reduce the stigma associated with AI- 
assisted or AI-generated scholarship.

7. How to disclose?

Table 1 gives examples of how to disclose, but it is 
important to consider some guiding principles first.
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A useful starting point is to treat disclosure as 
routine methodological reporting, not confession. A 
helpful way to think of reporting AI-use is to mirror 
how we already document software: ‘Analyses were 
conducted in SPSS v27’ or ‘Qualitative coding used 
NVivo 14’. Following this logic, a good AI disclosure 
should: name the AI tool and version, state how it 
was used (e.g. writing, editing, data processing, fig
ure generation, literature summarizing), indicate the 
extent or significance of its use (e.g. minor language 
editing versus substantive drafting or analytic contri
bution), and describe how authors verified the out
puts while affirming responsibility for all content.

JAMA’s policy operationalizes this: during submis
sion, authors are asked whether AI was used to cre
ate text, tables, or figures; if so, they must specify 

the tool, version, and usage, and include a corre
sponding statement in the Methods or 
Acknowledgments section. For perspectives or essays 
without Methods, use Acknowledgments or a brief 
‘Declaration of AI Use’ [54]. For HPER papers, the 
Methods section is ideal when AI has supported 
research conduct; however, authors should ensure 
that the responsibility attestation does not get over
looked [10].

Regarding the level of detail to include, practices 
are evolving. Currently, HPER publications tend 
toward a minimalist disclosure style [10]. However, 
brevity and transparency need to be in balance so 
the disclosure provides sufficient information for 
readers to assess the nature of AI use and Its impact 
on the scholarship. For instance, more detail may be 

Table 1. AIHPERD Framework of good practice for writing AI disclosures.
N Practice Examples

1 Specify the model used. If a local model / version was used, then 
specify that and include the model’s name and version.

‘The authors used ChatGPT 5.1 Thinking (OpenAI) / Gemini Pro 
(Google DeepMind) / Perplexity / Claude (Anthropic) / 
NoteBook LM / a custom GPT (http:// … ) / a version of 
ChatGPT develop by the University of X’

2 Ensure that you refer to the specific activities for which any AI 
system was used. Be precise. (Note: because the word ‘coding’ 
might refer to both qualitative data analysis or programming, 
be specific in your declaration.)

… to generate three outlines, from which the authors drew … 
… to perform an initial literature search … 
… to analyse articles … 
… to evaluate the Methodology … 
… for exploratory cluster modelling. The AI tool suggested 

potential groupings in the data … , which the authors 
manually verified and re-tested. 

… to propose alternative framings for the central argument … 
… to rephrase dense analytic descriptions and better articulate 

how the iterative phases of data collection and analysis 
proceeded and influenced the sampling approach … 

… to proofread and correct the language and grammar, and to 
shorten the article’s abstract to meet word count 
requirements … 

… to generate Python scripts for data analysis, R-code for 
generating Figure 3, and writing the MS-Excel macros. 

… to provide a first translation into English … 
… to assist with reference formatting … 
… to provide an initial review before submission …

3 Declare that consent was obtained if you submitted learner, 
patient, or other participant data to an AI.

Participants consented to their anonymized data being uploaded 
into an AI system to support analysis.

4 Indicate the steps taken to protect uploaded data if you 
submitted learner, patient, or other participant data to a 
public model.

We turned off the ‘Improve the model for everyone’ setting in 
ChatGPT to ensure data was retained within the private chat. 

… accessed ChatGPT through an API, thereby ensuring that 
users’ data would not be used for training data.

5 Consider explicitly stating when you did not use an AI tool where 
there may be a plausible reason to expect that one was used 
but was not.

The model was not used to code data or to generate 
interpretations. 

AI systems were not used for any image-generation. 
All AI generated suggestions were discussed by the authors and 

any written material revised by the authors, who determined 
the final line of argument and which of the various 
orientations to engage in the discussion. 

… which were manually verified and re-tested by the authors. 
The research team made all analytic decisions and 
interpretations. 

All text was reviewed and revised by the authors for accuracy 
and tone.

6 Refer to the journal, publisher, or author institution policy 
regarding GenAI, showing that you have read and 
acknowledge your use of AI within those policy boundaries, 
just as you would declare conformity with the Declaration of 
Helsinki, use of PRISMA, or other guidelines.

… in line with the University’s AI policies (http:// … ) 
… in line with the Journals’ AI guidelines (http:// … )

7 Make a final statement of responsibility, even if the journal policy 
does not explicitly require it.

The authors assume full responsibility for the accuracy and 
integrity of the scientific content presented in this publication.

8 Keep a record of the prompt/s, where possible, in case requested 
by editors. Similar to data, consider making these available to 
readers upon reasonable request.

Prompts are / the full interaction is / available from the contact 
author on reasonable request / supplied in Appendix A. 

NOTE: in ChatGPT, use the ‘Share’ feature, or the browser 
extension ‘Save as PDF’ (https://addons.mozilla.org/en-US/ 
firefox/addon/save-as-pdf/)).
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required when the AI model used is less familiar to 
readers, such as when an author has created their 
own custom GPT. Authors may also wish to indicate 
the limits of their use of AI, particularly in scholarly 
contexts where its use is under debate [55]. For 
instance, qualitative researchers might disclose that 
AI was used to compare human and LLM coding of 
a large interview dataset, but that it was not 
employed in the interpretive phases of the analysis. 
While such ‘negative disclosures’ are appearing in 
the HPE literature [10], we encourage authors to 
consider their motivation and impacts, as it is not 
yet clear how this strategy influences transparency 
and credibility.

Authors should aim for disclosures that are inform
ative [56]. A recent bibliometric study of AI-use disclo
sures in medical education journals during the first half 
of 2025 found that they tended to be superficial in 
terms, providing limited information about exactly how 
AI was used and its output verified [10]. Such generic or 
‘safe’ AI disclaimers are understandable: they help 
authors navigate the risks involved in disclosing AI-use 
[51]. However, when disclosures convey little meaningful 
concrete information about how researchers engaged 
with AI in their scholarly practice, they serve more as 
virtue-signalling than symbols of scholarly credibility.

The Weaver Artificial Intelligence Disclosure ‘AID’ 
Framework offers a practical scaffold to make disclo
sures specific rather than performative [57]. It uses 
the familiar language of author contribution to 
describe the who/what/why/how much of AI involve
ment in a research manuscript, thereby helping 
authors avoid generic boilerplate (‘AI was used to 
improve clarity’) and enabling readers to see the 
scholarly interaction between researcher and AI 
model to produce and verify model outputs. 
Similarly, Lingard and colleagies advise authors to 
treat verification as ‘a process, not a promise: be 
transparent about how you verified’ [16,p.17]. For 
example, ‘We verified accuracy of AI-produced text 
by conducting our own PubMed search and review
ing key sources, including checking that any material 
quoted by AI was accurate. Where we found errors 
or oversimplifications, we edited the AI text as 
needed’.

Based on the literature cited above, and Kousha’s 
database of declarations [19], we have created the AI 
in HPER Declaration (AIHPERD) framework of good 
practice, including disclosure examples (Table 1).

In addition, one should not:

� Write vague and overly general disclosures, e.g., 
Statements such as ‘We used ChatGPT for 
research and writing this article’. Provide insuffi
cient detail for readers to judge AI impact on the 
text.

� Apologize or disclose over-defensively, e.g., ‘We 
used GenAI in this study, but limited it only to 
… .’. You would not write ‘We used Excel, but 
only for the construction of charts … .’ Just as you 
would not apologise for performing your statis
tical analysis with SPSS, similarly there is no need 
to apologise for using AI.

In summary, we recommend that authors 
approach disclosure as reporting rather than confess
ing. AI-use is not something to be ashamed of: it is 
a tool that you used thoughtfully and appropriately. 
The aim of the disclosure should be a candid 
description of researcher engagement with AI that 
allows readers to understand how the model shaped 
the research and the writing – not a safe description 
that checks the disclosure box without achieving 
clarity and transparency.

7.1. Practice point

Treat disclosure as routine methodological reporting, 
not confession.

8. What about the use and disclosure of 
GenAI in peer review?

Although this Guide focuses on authors’ disclosure 
of GenAI use, we need also to consider GenAI use in 
peer-review. Reviewers, like authors, are accountable 
for the content they produce. Therefore, any use of 
GenAI in preparing a peer review warrants serious 
attention.

Although some journals and publishers are 
exploring the use of AI to support peer-review 
[58,59], the use of AI by human peer-reviewers is dis
couraged for several reasons:

8.1. Publishers’/journals’ policies

Reviewers must ensure their peer reviews meet the 
professional and ethical standards of the journal. A 
key concern is confidentiality; manuscripts under 
review are privileged documents and must not be 
uploaded, in whole or in part, to AI tools due to risks 
to confidentiality [60,61]. For example, Academic 
Medicine and MedEdPORTAL updated their AI-use 
guidance to include the use of AI by peer reviewers. 
The policy prohibits reviewers from uploading confi
dential manuscripts to AI tools that could breach the 
confidentiality agreement between journals and 
authors [31,62].

8.2. Expertise and real-world experience

An invitation to review a paper is an acknowledge
ment of domain and/or methodological expertise, 
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and a request for critical judgment. For example, 
judging whether a methodological choice is truly 
appropriate, innovative, or potentially problematic 
requires deep domain knowledge and critical think
ing that current AI systems cannot fully replicate. 
GenAI also lacks the lived experience, world know
ledge, and domain-specific perspective necessary to 
judge whether a study is genuinely novel or ethical, 
or how it fits into broader scholarly debates. 
Moreover, GenAI is a ‘black box’, offering no infor
mation on how it arrives at a recommendation, 
which is unhelpful to editors and authors.

In addition to these reasons, there is something 
questionable about journals’ insisting that AI cannot 
be an author because it cannot be held ethically and 
morally responsible for what it writes, while simul
taneously using AI tools to review papers. ‘Rules for 
thee, but not for me’ is the appropriate adage but 
not the appropriate stance.

However, if the reviewers use an AI tool in a man
ner that does not violate the journal’s confidentiality 
policy, they should disclose this use. At a minimum, 
they should identify the name and usage method of 
the tool (e.g. stating ‘I conducted this review with 
the assistance of [ProductName, Version, from 
Company, Name, Year]’) and describe precisely how 
it supported the review. This information may be 
best placed in Confidential Comments to the Author, 
so it can be seen by both Editor and Author. Editors 
may request additional detail, such as the prompts 
used or the AI-generated text, to fully understand 
the extent of the tool’s influence.

At heart, peer review is about judgment and 
accountability. GenAI may be able to help in terms 
of rote tasks (e.g. checking adherence to journal 
requirements [63], but human expertise is needed to 
assess impact and significance, novelty, and rele
vance [58,59].

The role of AI in reviewing is discussed further in 
an editorial by Masters and Cleland [64], in this issue 
of Medical Teacher.

8.2.1. Practice point
AI tools are helpful for organising thoughts or man
aging review tasks, but they cannot replace human 
judgment or critical evaluation.

9. What will the future hold for AI 
disclosure?

To consider the future for AI disclosure, we must 
reflect on the past. Historically, the introduction of 
new technologies into education has been disruptive 
and has required policy change. The adoption of the 
electronic calculator, and later, word processors, 
spreadsheets, and statistical packages all required 

adjustment periods. Today, no one is expected to 
‘declare’ use of a word processor, and ‘declaring’ the 
use of Excel or SPSS is a routine part of methodo
logical reporting. New educational tools, however, 
require a period of acceptance before their use is 
normalised. GenAI tools are in such a period. For 
that reason, publishers, journals, and educational 
institutions require disclosure of their use. Over time, 
this will change: eventually, disclosures will become 
minimised or routine (like use of SPSS or qualitative 
data management software packages) or not done 
at all (like spell-check). Meanwhile, the scholarly 
community must create standards that provide clar
ity and transparency, while acknowledging that 
these standards will evolve, and may do so quickly. 
The take-home principles, however, remain. And 
each of us will need to stay abreast of shifting pub
lisher, journal and institution policies.

10. Call for research

Research on the use of AI has grown rapidly, yet 
empirical, work on AI disclosures remains limited. To 
date, most of this scholarship has focused on docu
menting the rates of AI disclosure in [10,65] and cat
aloguing editorial policies [16,39]. Missing is a 
cohesive program of inquiry that moves beyond 
description to explore how AI disclosure works in 
practice, what function it serves, and how it can sup
port research integrity, author team norms, and 
equity.

A foundational next step could be to understand 
current disclosure behaviour. Researchers could 
document when and why authors choose to disclose 
(or not), how they make decisions about what details 
to include, and whether their disclosures accurately 
describe how AI factored into their workflow. Such 
studies can examine the social and cultural dynam
ics, such as fear of stigma, concerns about judgment, 
or uncertainty about editor and peer reviewer 
expectations, that influence disclosure. Parallel analy
ses could examine the completeness and clarity of 
published disclosures and assess whether readers, 
editors, and reviewers can readily interpret and use 
these statements in their appraisal of manuscripts.

There is also a need to examine the effects of dis
closure on the perception of scholarly communica
tion. For example, researchers could explore how 
different forms of disclosure influence stakeholders’ 
perceptions of manuscript credibility, rigour, and ori
ginality. Additionally, researchers might investigate 
whether different disclosure formats (e.g. narrative 
disclosures vs. structured, templated disclosures) or 
locations (e.g. in the methods section vs. in the 
acknowledgments) influence perceptions.
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Another area of inquiry could evaluate the useful
ness and impact of emerging AI-specific reporting 
guidelines. As AI-specific standards, such as GAMER 
(Generative Artificial Intelligence tools in Medical 
Research [66], and extensions of existing guidelines 
(e.g. CONSORT-AI [67] and PRISMA-AI [68]) gain 
popularity, researchers can assess whether these 
guidelines support consistency, clarity, completeness, 
and transparency in describing how AI tools are inte
grated into study designs, data handling, and manu
script preparation.

A key priority for future research is to understand 
the equity implications of disclosure, particularly in 
the context of HPER. A recent study found that a 
substantial proportion of authors disclosing AI tools 
in HPER originate from Global South countries, high
lighting that AI is often being adopted by research
ers working in settings with fewer institutional 
supports, less access to professional editing services, 
or more limited time and resources [10]. Disclosure 
policies must therefore be examined for their poten
tial to disproportionately burden multilingual schol
ars, early-career researchers, and those from 
institutions without formal AI training or infrastruc
ture. Studies should explore whether strict or 
ambiguous disclosure expectations risk exacerbating 
existing inequities by privileging authors who are 
more AI-fluent or are based in well-resourced envi
ronments. Understanding these dynamics will be cru
cial for developing disclosure norms that promote 
transparency without perpetuating structural dispar
ities in academic publishing.

10.1. Practice point

There is a need for a cohesive program of inquiry 
that moves beyond description to explore how AI 
disclosure works in practice, what function it serves, 
and how it can support research integrity, author 
team norms, and equity.

11. Conclusion

In summary, GenAI can undoubtedly enhance the 
academic writing process, but its use and disclosure 
must be approached with care. It is essential that 
authors, reviewers, and editors remain vigilant in 
maintaining academic integrity, particularly when AI 
is involved. Authors should verify the accuracy and 
appropriateness of AI-generated content, ensuring 
that it does not compromise the originality or valid
ity of their work.

Collectively, we believe it is crucial to establish 
common standards that promote transparency, 
accountability, and ethical research practices, thereby 
shaping our field’s response to technological 

innovation in ways that advance knowledge produc
tion responsibly and rigorously. These standards and 
guidelines should be practical, easy for authors to 
implement, and designed to encourage compliance, 
full disclosure, and truthfulness. Finally, each 
researcher, and research team, must consider how 
best to integrate GenAI into their research process, 
including dissemination and peer review, while 
ensuring that their use and disclosure uphold scien
tific integrity.
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